
Chapter 4
Reference Architecture for Self-aware and
Self-expressive Computing Systems

Arjun Chandra, Peter R. Lewis, Kyrre Glette, and Stephan C. Stilkerich

Abstract This chapter covers a reference architecture for describing and engineer-
ing computational self-awareness and self-expression in computing systems. The
architecture provides a common language with which to engineer the capabilities
exercised by a “self” at a fine resolution inspired by concepts from psychology. The
“self” demarked by the reference architecture is conceptual in nature, and therefore
not limited to describing single agents. Consequently, the architecture allows the en-
gineering exercise to scale freely across systems composed of arbitrary agent collec-
tives. Being a common language, it paves a way for identifying architectural patterns
influencing the engineering of computational self-awareness and self-expression ca-
pabilities across a range of applications. The psychological basis of the architec-
ture brings clarity to the notion of self-awareness and self-expression in computing.
These foundations also serve as a rich source of ideas which can now be chan-
nelled into the computing domain and inspire the engineering of computationally
self-aware and self-expressive systems of the future.

4.1 Introduction

Computational self-awareness and self-expression are processes that can realise a
range of capabilities within computing systems. We introduce a reference archi-

Arjun Chandra
Studix, Norway, e-mail: arjun@studix.com

Peter R. Lewis
Aston University, UK, e-mail: p.lewis@aston.ac.uk

Kyrre Glette
University of Oslo, Norway, e-mail: kyrrehg@ifi.uio.no

Stephan C. Stilkerich
Airbus Group Innovation, Germany, e-mail: stephan.stilkerich@airbus.com

37

rinner
Schreibmaschinentext
This chapter is part of the book: P.R. Lewis, M. Platzner, B. Rinner, J. Tørresen, X. Yao (Eds.) Self-aware Computing Systems - An Engineering Approach. Springer 2016. pp 261-277. http://link.springer.com/chapter/10.1007/978-3-319-39675-0_13



38 Arjun Chandra, Peter R. Lewis, Kyrre Glette, and Stephan C. Stilkerich

tecture for engineering such capabilities within agents and agent collectives. The
architecture does not assume self-awareness to only be an add-on capability, but
instead encourages methodically describing and extending the capabilities that may
already be exercised by the system. The advantages to using this architecture as a de-
sign guide are threefold. First, the architecture offers tangibility over the extent and
scope of the system’s capabilities, irrespective of whether the system spans a single
agent or an arbitrary collective. It does so by separating the knowledge concerns
that underpin different levels of computational self-awareness, and the concerns in-
fluencing computational self-expression. This enables a high-resolution analysis and
design of these capabilities, the design exercise freely scaling to include collective
systems. Different implementations of the same capability can therefore be com-
pared and evaluated. Second, it can be used as a template for identifying common
ways of assembling these capabilities within systems, resulting in patterns for ar-
chitecting a variety of applications. Third, the architecture provides a common and
principled basis on which researchers and practitioners can structure their work.
The psychological foundations of the architecture, while not strictly necessary, can
serve as a rich source of inspiration that may not have occurred to engineers to have
existed. From this source, a wide range of ideas could be channelled into the com-
puting domain, thereby inspiring the design of future computationally self-aware
and self-expressive computing systems.

This chapter is structured as follows. Section 4.2 questions the need for a ref-
erence architecture for engineering self-aware and self-expressive computing sys-
tems. Having established the need, Section 4.3 describes our proposed architec-
ture in detail, enriched with example instantiations of the primitives that compose
the architecture. Section 4.3.1 is mostly concerned with engineering computational
self-awareness and self-expression capabilities in the context of single agents. We
extend this discussion in Section 4.3.2, showing the applicability of the architec-
ture in the context of agent collectives, and put forth the idea that these capabilities,
being computational processes, can also have an emergent nature. In Section 4.4,
we briefly discuss how our reference architecture is actively being used to engineer
computational self-awareness and self-expression in computing systems.

4.2 Architectures for Designing Self-adaptive Systems

An agent is a computing entity “that can be viewed as perceiving its environment
through sensors and acting upon that environment through effectors” [345], typi-
cally in order to satisfy some goals, where its actions may also depend on any rele-
vant knowledge the agent may possess, in addition to what is immediately perceived
through sensors. Russell and Norvig [345] describe a number of widely recognised
architectural blueprints for realising intelligent agents. Varying degrees of knowl-
edge acquisition and decision making capabilities, ranging from condition-action
rules to the agent’s modelling the environment in relation to its actions, charac-
terise these exemplars. Computational self-awareness and self-expression, as terms,
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do not feature in these, yet the blueprints incorporate the foundational ideas which
characterise these capabilities.

Various types of distributed systems, typically without central control, can be
termed as collectives. Some examples include swarms, systems-of-systems, popu-
lations of computing entities, multi-agent systems, etc. Individual components of
these systems can indeed be referred to as agents. Such collectives may or may not
be composed of agents heterogeneous in their knowledge acquisition and decision
making capabilities. We intend to showcase the means by which computational self-
awareness and self-expression capabilities can be architected within both agents and
collectives, which we generally refer to as computing systems.

Many architectures embodying (often layered) control loops have found practi-
cal use for engineering computing systems with self-awareness capabilities. Some
of these do not explicitly use the term self-awareness. However, they are generally
driven by operational challenges which complex computing systems face when en-
countering circumstances that are hard to consider at design time, e.g., faults. The
space of such operational circumstances can be large, indeed unfathomable at de-
sign time, rendering run-time self-adaptation to being a fundamental architectural
concern across a range of research communities. Notable amongst these include the
observe-decide-act (ODA) loop and the MAPE-K [213] architecture respecting the
autonomic computing paradigm [252], and the Observer/Controller [277] architec-
ture originating in organic computing research.

All proposed ODA loop variants and their corresponding architectures are de-
rived from the groundbreaking work on OODA (observe-orient-decide-act) loops,
originally introduced by Colonel John Boyd [44]. Surprisingly, the second O-step
(orient) is removed from these models. But in the OODA loops this step represents
the important phase where pure observations from the first O-step are given a sense
and meaning, based on a-priori knowledge and learned knowledge (experience). The
reason to drop the “orient” step might be in order to simplify the model, although
an important idea of OODA loops is lost in doing this. This may also be in order to
not refer directly to OODA loops, which have their origin in the military domain.

One manifestation of the ODA loop is the SEEC [173] architecture. Extend-
ing the ODA loop, it decouples application and system developer concerns, with a
view towards unburdening application developers from run-time operational know-
how. Explicitly sitting at the interface, SEEC provides application-layer observation
primitives that help monitor running applications, run-time decision making/con-
trol primitives that allow for varying degrees of deliberation on observed applica-
tion data, and actuator primitives which let the system act on itself and its appli-
cations. This self-adaptive control loop lets the system dynamically manage both
application- and system-level goals at run-time.

Another design framework characterised by a self-adaptive control loop is the
RAINBOW [143] architecture. This architecture enables dynamic management of
the system’s components, in this case a system’s computational, storage, and in-
terface units, by adding on an external control layer to the system. Relying on the
design specification of the system’s software, this control layer monitors the run-
time properties of the system, evaluating constraint violations based on the speci-
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fication. Any violation is followed up by system- or component-level adaptations.
Borrowing ideas from robotic system architectures inspired by the ODA loop, the
three-layered reference architecture [225] for describing self-managed systems also
relies on the use of the system’s design specification for adaptations. Each layer is
characterised by the degree of deliberation required for actions to follow feedback
from the monitored system.

Any networked system which manages itself through autonomous decentralised
decision making could be considered autonomic. A defining characteristic of the
MAPE-K architecture for engineering such systems is to have an autonomic man-
ager added on to each component of the system. In addition, a knowledge repository
is available to the autonomic manager, containing models of the behaviour and per-
formance of the managed component, along with goals, objectives or utility func-
tions which describe desirable states for the managed component. The knowledge
base may contain explicit system models able to predict the likely effectiveness of
potential actions, which can then be used by the manager to plan appropriate actions
to execute. The repository is typically developed and provided by an expert in ad-
vance. Crucially, the components of the system become self-aware by virtue of this
manager, and are not so without it.

These control loop architectures have much in common with generic learning
agent architectures [345], as depicted in Figure 4.1.

When a system is provided with knowledge about itself in advance, by an expert
who is external to the system, we argue that the presence of this knowledge does
not itself endow the system with self-awareness capabilities. We argue that the sub-
jective nature of self-awareness requires that, in order to be considered self-aware,
a system’s knowledge concerning itself and its environment be obtained by the sys-
tem itself, through subjective experiences. The system must exercise processes al-
lowing it to learn from its own point of view. Supporting the argument that such
self-awareness would be beneficial for autonomic systems, Tesauro [383] claims
that the difficulties in obtaining a sufficiently accurate model of a component, espe-
cially considering the complex and dynamic nature of the environment within which
the component may operate, has been a limiting factor in the adoption of this archi-
tecture and its derivatives. Instead, he argues, such models may themselves need to
be adaptive, and that this is something which is very difficult to achieve following
classical system modelling approaches.

However, we are not arguing for the abandonment of design-time modelling; far
from it, as Tesauro [383] advocates, hybrid knowledge bases can be used, consist-
ing of available domain knowledge and that obtained during run-time by reinforce-
ment learning. In essence, the difficulties associated with sufficiently and accurately
modelling the complexities associated with autonomic systems leads the delibera-
tive planning process to be replaced with a more reactive reinforcement learning
process.

As discussed in the previous chapter, self-awareness also finds mention in the
Organic Computing vision [277]. The core aim of this vision has been to get a deeper
understanding of the emergent dynamics of large autonomous systems. In order
to have a tangible handle on the emergent behaviour, the vision prescribes adding
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Fig. 4.1 Existing control loop architectures in the context of a generic learning agent/computing
system [345]. Existing architectures prescribe the control loop be externally fitted on to managed
components. We prescribe the explicit internal consideration of self-awareness aspects, including
control loops, in the system being engineered. Any computing system that continuously learns
or obtains knowledge through subjective experiences, in line with the general concept of a learn-
ing agent/computing system, including obtaining knowledge about itself, has computational self-
awareness capabilities which can be described in explicit terms inspired by psychology.

on an observer and controller [353] component to the system. Architecturally, the
component sits outside the system, monitoring and taking corrective actions on it
when necessary. At the same time, this external component may only monitor and
act on parts of the system, therefore affording varying degrees of autonomy to the
emergent system.

These architectures assume the idea that self-awareness can be added on to a
computing system in the form of a reflective management or control layer. Human
psychology research considers self-awareness as being a more general notion, as we
elaborate in Chapter 2. Self-awareness, in this broader sense, permeates all aspects
of a system’s behaviour. Limiting its consideration to an external feedback loop
may therefore not be fully appropriate. It also limits the diversity of potential design
opportunities that can be entertained by engineers. Entertaining both generality and
precision with which to engineer self-awareness capabilities therefore warrants a
novel architecture, which we describe next.
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4.3 Generic Reference Architecture for Designing Self-aware
and Self-expressive Computing Systems

Our reference architecture [127, 236] differs from the ones covered in the previ-
ous section in two important ways. First, it facilitates an engineering perspective
that explicitly considers different levels of self-awareness and self-expression that
may be present in computing systems, supporting the analyses of design concerns
at a higher resolution. Second, it does not assume that self-awareness can simply be
added on to an existing system. Instead, it is based on the view that it is important
to acknowledge the capabilities of the entire system, the entire “self”, when engi-
neering computational self-awareness and self-expression within it. In doing so, it
encourages engineers to methodically describe and extend the capabilities that may
already be exercised by the system.

Both these considerations have firm roots in human psychology research. It is
important to point out that the latter relaxes the assumption that self-awareness is a
form of reflective conceptualisation process alone. As we have seen in Chapter 2, the
self-as-a-subject [232] notion of self-awareness is widely regarded as the minimal
form of self-awareness any agent can possess. This minimal form does not require
for the subject to have any monitoring layer to objectively reflect on and concep-
tualise its own experiences. The fact that experiences are subjective and without
any conceptualisation is alone sufficient to make the subject self-aware in a mini-
mal sense. A stimulus-aware agent is therefore self-aware to some extent, and any
additional conceptualisation only adds to the extent of its self-awareness capabil-
ities. This notion has not received any attention in existing architectures. Asking
engineers to consider describing the capabilities at various levels of self-awareness
would therefore encourage generality and precision, indeed greater design opportu-
nities, by letting them focus their efforts towards engineering only relevant capabil-
ities, dictated by the wide range of challenges offered by various applications. Our
reference architecture offers such design opportunities.

The architecture is based on the three key ideas (elaborated on in Chapter 2)
underpinning computational self-awareness:

1. Computing systems can possess public and private self-awareness.
2. The extent of a system’s self-awareness capabilities can be characterised by

levels of self-awareness.
3. Self-awareness can be an emergent phenomenon in collective systems.

It is also based on the notion of an abstract computational node. Such a node
may or may not exist as a separate physical entity in hardware or software, but more
importantly represents the locality of the notion of what is considered self in a com-
plex computational system. Nodes therefore represent the level(s) of abstraction at
which the considered self-awareness exists. This may, in many cases, be consistent
with the level at which agency is considered to exist when employing an agent-
based paradigm; however, one can also think of the self as being a collective of
agents, which together possesses self-awareness. A “self” is therefore an abstract
boundary within which an engineer wants to give explicit consideration to realising
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computational self-awareness and self-expression. This “self” is the subject of expe-
riences of its own, where its capabilities allow it to process these experiences and act
accordingly. We term this abstract boundary, the span of a “self”. The domain of the
phenomena able to be sensed and modelled by the “self” in question is what we call
its scope. As such, for a system which is only privately self-aware, the scope may
be the same as the span (i.e., it has no perception of its environment). For a system
which has some private and some public self-awareness, the scope would be larger
than the span, and include external social or physical aspects of the environment.

This notion of a node (the self ) being a collective is particularly relevant to the
idea of distributed self-awareness, as expounded by Mitchell [272]. In this case, it
is entirely possible that such self-awareness properties are present at the level of the
collective, but not at the level of any individual component within that collective.
In this case, we might consider that self-awareness properties have emerged from
the interactions of simpler components. In summary, since a system can be a single
agent or a collective, this architecture can apply equally to agents or to collectives,
or both. We will discuss how it applies to agents in Section 4.3.1, and extend the
discussion for its applicability within collectives in Section 4.3.2.

4.3.1 Reference Architecture for Agents

Figure 4.2 shows a schematic of our reference architecture. Our experience shows
that, as a template, it brings structure to the design of self-aware systems, and helps
benchmark different self-awareness capabilities. Each level of self-awareness can be
studied or implemented independently or in the context of other levels. Different im-
plementations of the same capability can be compared based on their complexities
and their effects when employed by a node.

The architecture clarifies that computational self-awareness is a process (or set
of processes). It is concerned not only with knowledge possessed by an agent at any
point in time, but additionally the computational processes that enable it to continu-
ously obtain knowledge via online learning. Such learning can result in models per-
taining to the levels of self-awareness being exercised by the agent. The architecture
enables reasoning about and investigating online learning in relation to an agent’s
self-expression capability. Driven by its goals, a self-expressive agent should be able
to use the learnt models in a variety of ways so as to make decisions on how to act.
Different action selection/decision making mechanisms can therefore be evaluated.
Such decisions can directly or indirectly drive learning.

Given this architecture, if an agent possesses only public self-awareness then
it would only be able to access knowledge of other agents or the environment
the agent is operating within. Conversely, an agent which possesses only private
self-awareness would have no knowledge of its social or physical environment, but
would instead have knowledge about itself: perhaps its state, current behaviour or
history. Possession of both public and private self-awareness allow these two sources
of knowledge to be combined to provide a meaningful context for adaptation and be-
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Fig. 4.2 Reference architecture [127, 236] for designing self-aware and self-expressive computing
systems

havioural decisions. This knowledge will, for example, be able to support both sim-
ple reactive behaviour as well as complex learning, prediction and action selection
tasks. Moreover, actions of an agent can further help it learn how and when to act
towards affecting the external environment and its internal functionality, given the
knowledge that forms part of its self-awareness. In other words, self-expression is a
crucial companion of self-awareness. Without self-expression an agent is essentially
a data sink.

An example of the benefit of considering a system’s self-awareness and self-
expressive properties separately can be provided in the context of the distributed
smart camera system [122] described in greater detail in Chapter 13. Here, indi-
vidual cameras within a decentralised network are self-aware, in that they collect
and process information about their state and context, such as what they can cur-
rently see, their progress in achieving their goals (here associated with tracking
seen objects), and knowledge of their interactions with neighbouring cameras in the
network. However, they are also self-expressive; they make decisions about which
objects to track and how to allocate tracking tasks between neighbouring cameras.
Their communication behaviour determines how to balance the trade-off between
overhead and performance by making use of historical knowledge. Thus, the self-
awareness informs the self-expression of the camera. Clearly, the processes associ-
ated with knowledge and those with actions must both be attended to in optimising
the cameras’ design. Our architecture separates these concerns, thereby encouraging
a focussed effort when assessing and engineering these capabilities in the context
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of each other. Engineers can compare and evaluate a variety of self-expression im-
plementations for their efficacy in getting the system to achieve design and run-time
goals, given the same knowledge acquisition processes.

At this stage it is helpful to visit Agarwal’s [4] design properties for self-aware
computing systems. More on these is detailed in Chapter 3. Each of these may be
decoupled into a self-awareness component and a self-expression component. Such
a proposed decoupling is presented in Table 4.1. Decoupling these design properties
facilitates a thorough consideration in designing what a system knows about itself,
as well as how it acts on itself and its external environment.

Original property Self-awareness component Self-expression component
Introspective Knowledge based on observation

and monitoring of system be-
haviour.

Optimisation of behaviour ac-
cording to system objectives.

Adaptive Knowledge of application or
component requirements.

System adaptation appropriate to
current and future application re-
quirements.

Self-healing Knowledge of faults in the system
or utilised resources.

Appropriate corrective action.

Goal oriented Knowledge of system level, ap-
plication and user goals.

Actions taken to meet known
goals.

Approximate Knowledge of current and possi-
ble performance and capabilities,
and of requirements.

Ability to select behaviours and
techniques appropriate for re-
quired performance and other
goals.

Table 4.1 Agarwal’s [4] design properties of self-aware systems, decoupled to show self-
awareness and self-expression components

4.3.1.1 Architectural Primitives

The building blocks or architectural primitives of our proposed reference architec-
ture include:

Internal and external sensors: The private and public self-awareness of an agent
rely on continuous streams of data, which are provided by the internal and external
sensors respectively. Sensors are therefore the measurement apparatus of an agent,
allowing it to observe phenomena on which to base its self-awareness.

Internal and external actuators: The interactions of an agent with its external en-
vironment are affected by external actuators. Similarly, the interactions of an agent
with itself, or the actions of the agent that directly affect internal functionality, are
exercised by internal actuators. Note that the actions taken by an agent, either ex-
ternal or internal, need to be observed by the agent for higher degrees of interaction
awareness. The explicit flow of data directly from the actuators to the interaction
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awareness component depicts the knowledge of actuator status. The eventual out-
come of the actions, however, may need to observed through the sensors.

Self-awareness: The computational process that realises each self-awareness ca-
pability analyses the observations provided by sensors. This results in subjective
models or knowledge of the internal or external phenomena being accounted for by
the agent. Additionally, the goal-awareness component helps an agent obtain and
acknowledge both design and run-time goals, which are then used by various lev-
els to construct the respective models, further affecting the actions of the agent.
Meta-self-awareness plays a key role in managing the set of goals an agent works
with during its lifetime. Different operational environments or internal states that
an agent finds itself in can require the agent to change focus from one goal to an-
other. The meta-self-awareness component can help an agent perceive the costs and
benefits, indeed the trade-off between various goals, given the feedback from these
environments and states that arise out of the agent’s actions. It allows an agent to
continuously monitor these goals and their relationship with its own functionality.
Due to such monitoring, the meta-self-awareness component can manage the agent’s
functionality, specifically the degree to which its self-awareness and self-expression
capabilities get realised.

Self-expression: An agent uses the knowledge and models obtained through self-
awareness processes, including knowledge about goals through the goal-awareness
component, when deciding upon its actions. The results of the self-expression pro-
cesses are commands for the internal or external actuators. As can be expected,
affecting internal functionality or the external environment can directly or indirectly
influence an agent’s learning, indeed self-awareness. As the self-expression com-
ponent may itself involve complex decision making processes, a clear separation
between this component and self-awareness can help designers and practitioners
evaluate a variety of such processes explicitly.

4.3.1.2 Example Implementations of the Primitives

Below are concrete examples of the architectural primitives described above:

Internal and external sensors: Internal sensors measure aspects internal to the
agent and could, for example, be temperature or battery level sensors. External sen-
sors can include cameras or microphones.

Internal and external actuators: Internal actuators could, for example, be affect-
ing the energy consumption of the system, like throttling the internal CPU speed,
or changing properties of the sensors, such as adjusting the zoom level of a camera.
External actuators, on the other hand, will affect the environment in some way, and
could for instance be a radio transmitter or a loudspeaker.
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Self-awareness: While at the stimulus-awareness level the agent could receive mes-
sages from neighbouring agents, at the interaction-awareness level the process could
involve building a model, e.g., a spatial map, of the different agents. Advancing to
the time-awareness level, one could add communications history to this map, which
could be used for estimates of future communication decisions. The goal-awareness
level may, for example, monitor a goal of sensory coverage in an area based on inter-
nal sensing as well as communications from other agents. The meta-self-awareness
component could employ self-expression to perform algorithm selection, such as
switching between sensing strategies based on knowledge about energy levels and
neighbourhoods. Low energy levels or good neighbourhood coverage could activate
a more power-efficient algorithm which builds a less accurate environment model
based on fewer samples.

Self-expression: A self-expression process would build on knowledge from the self-
aware processes, and could for example choose to rotate an on-board camera in
another direction, based on knowledge about the area covered by other agents.

4.3.2 Architecting Collectives

There are a multitude of ways computational processes can be set up so as to re-
alise various levels of self-awareness and self-expression. The capability realised is
a property of some computing system. Components of this system may have au-
tonomy, and may interact with each other following some rules of engagement,
adapting to local circumstances given the costs and benefits afforded them by this
autonomy. The dynamics of such a system may therefore be complex. The system
may evolve through periods of instability towards exhibiting patterns of behaviour
deemed desirable for it to sustain. These complex adaptive systems can in them-
selves be seen as computational processes which give rise to desirable systemic
phenomena, making the system appear self-aware at various levels.

The emergent appearance of self-awareness can also be viewed as follows. Var-
iedly (in terms of levels of self-awareness) self-aware agents which interact with
each other only locally as part of a bigger system might not individually possess
knowledge about the system as a whole (i.e., the global state). The information
about the global state is distributed and statistical in nature [272], but the system is
able to collectively use this information such that it appears to have a sense of its
own state and thus be self-aware at one or more of the aforementioned levels.

We should emphasise that the reference architecture described in the previous
section is not confined to being an agent architecture. It describes how capabilities of
a computing system can be organised. It is independent of the processes that realise
the capabilities, or indeed the forms of self-organisation that can be exercised by an
agent collective. It describes the self, not how one self may interact with another.
Yet, it allows the interaction between different selves to be studied and engineered in
depth, by letting engineers focus on the concerned levels of self-awareness, partic-
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ularly interaction-awareness, and self-expression. In doing so, it allows drawing an
arbitrary boundary around a subsystem to describe its capabilities. We can therefore
study capabilities of collectives, or arbitrary parts of it, under the same abstraction.
This idea is depicted in Figure 4.3. As such, our reference architecture not only en-
ables the principled engineering of self-awareness and self-expression capabilities
at a fine conceptual resolution inspired by human psychology, it also enables this
engineering exercise to freely scale across collectives.

‘‘selves’’ being engineered

part of external physical/social 
environment being observed/affected

Fig. 4.3 Reference architecture demarking the “self”, composed of either individual agents or an
arbitrary agent collective. The boundary of each “self” defines the span of the subject exhibiting
computational self-awareness and self-expression capabilities. Given the span, a principled study
and engineering of the extent and scope of self-awareness capabilities and self-expression, realised
by the “self”, can be carried out.

We now give some examples of collectives exhibiting emergent behaviour rem-
iniscent of the characteristics attributed to a “self” with different levels of compu-
tational self-awareness and self-expression. Consider ant colony optimisation; an
artificial ant senses pheromone levels to act (the system is stimulus-aware) and it in-
teracts with others via stigmergy, where the system maintains and updates a memory
(the system is time-aware); and this system appears to be able to find the shortest
path even if there are disruptions (by way of dynamics in the optimisation problem
in question), making it goal-aware as well.

Significant research effort has been expended in recent years towards agent-based
modelling of collectives where individuals within the collective have competing
goals. One particularly active direction has been in terms of modelling economic
interactions [60] and how to engineer market-based agent collectives [240, 321].
Amongst other things, these efforts have shown that desirable systemic character-
istics can emerge through decentralised agent interactions, specially when these
agents can adapt their behaviours through online learning. One of these systemic
characteristics is that of the system resolving individual conflicts of interest and
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reaching equilibrium states. Individual agents do not share any knowledge of, nor
a means to cooperate towards, equilibrium states. These systems appear to be goal-
aware without their components having any notion of these goals. Having obtained
the knowledge that their actions affect their social and/or physical environment, by
way of sensing the changes to the costs and benefits their agency affords them,
the components continuously adapt to meet their individual goals. The components
therefore exhibit interaction awareness.

4.4 Reference Architecture in Practice

In recent years, we made use of this reference architecture to aid the engineering
of computational self-awareness and self-expression across a wide variety of appli-
cations. We have found its use advantageous, helping advance the state of the art
across these applications. Some of these include:

• Decentralised service selection in cloud-based collectives (Chapter 5).
• Run-time hardware reconfiguration (Chapter 8).
• Run-time reconfiguration of the Internet protocol stack (Chapter 10).
• Acceleration of financial market computations on heterogeneous compute clus-

ters (Chapter 12).
• Object tracking with smart cameras (Chapter 13).
• Encouragement of human participation in single and multi-user active music

environments (Chapter 14).

The above applications are covered in detail in the remainder of the book. One
benefit of using the architecture is that it provides a common language with which
to describe the range of capabilities each “self” in these applications possesses, be
it an FPGA, a smart camera, an interactive musical device, a host in the cloud, or
indeed a collective of these computing entities.

Any common description language carries within it the potential for exposing
similarities across phenomena it tries to explain. Our reference architecture, having
been used as such a language across the applications mentioned above, has exposed
common ways of assembling computational self-awareness and self-expression in
order for the “selves” to meet various quantitative and qualitative requirements,
be they functional, non-functional, or constraints, posed by these applications. As
such, we have formulated a wide range of architectural patterns, each characterising
the effects of assembling and realising one or more levels of computational self-
awareness and self-expression within computing systems. These patterns can be re-
ferred to by engineers and practitioners when challenged by achieving these effects.
Chapter 5 describes these patterns and a systematic pattern selection method which
uses a set of questions to help the designer identify application-specific requirements
in relation to each level of computational self-awareness.
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306. Özuysal, M., Calonder, M., Lepetit, V., Fua, P.: Fast Keypoint Recognition Using Random
Ferns. IEEE Transactions on Pattern Analysis and Machine Intelligence 32(3), 448–461
(2010). DOI 10.1109/tpami.2009.23

307. Page, I., Luk, W.: Compiling occam into Field-Programmable Gate Arrays. In: Proceedings
of the International Conference on Field programmable Logic and Applications (FPL) (1991)

308. Papakonstantinou, A., Liang, Y., Stratton, J.A., Gururaj, K., Chen, D., Hwu, W.W., Cong, J.:
Multilevel Granularity Parallelism Synthesis on FPGAs. In: Proceedings of the 19th Annual
International Symposium on Field-Programmable Custom Computing Machines (FCCM),
pp. 178–185. IEEE (2011)

309. Parashar, M., Hariri, S.: Autonomic computing: an overview. In: Proceedings of the Inter-
national Conference on Unconventional Programming Paradigms, pp. 257–269. Springer-
Verlag, Berlin (2005)

310. Parsons, S., Bahsoon, R., Lewis, P.R., Yao, X.: Towards a better understanding of self-
awareness and self-expression within software systems. Tech. Rep. CSR-11-03, University
of Birmingham, School of Computer Science, UK (2011)

311. Paul, C., Bass, L., Kazman, R.: Software Architecture in Practice. MA: Addison-Wesley
(1998)

312. Paul, C., Kazman, R., Klein, M.: Evaluating Software Architectures: Methods and Case Stud-
ies. Addison-Wesley (2002)

313. Paulson, L.: DARPA creating self-aware computing. IEEE Computer 36(3), 24 (2003). DOI
10.1109/MC.2003.1185213

314. Peleg, A., Wilkie, S., Weiser, U.C.: Intel MMX for Multimedia PCs. Communications of the
ACM 40(1), 24–38 (1997)



4 Reference Architecture for Self-aware and Self-expressive Computing Systems 317

315. Perkowitz, M., Philipose, M., Fishkin, K., Patterson, D.J.: Mining models of human activities
from the Web. In: Proceedings of the 13th International Conference on World Wide Web,
pp. 573–582 (2004)

316. Perrone, M., Liu, L.K., Lu, L., Magerlein, K., Kim, C., Fedulova, I., Semenikhin, A.: Re-
ducing Data Movement Costs: Scalable Seismic Imaging on Blue Gene. In: Proceedings of
the 26th International Parallel & Distributed Processing Symposium (IPDPS), pp. 320–329
(2012)

317. Perrone, M.P., Cooper, L.N.: When networks disagree: Ensemble methods for hybrid neural
networks. Neural Networks for Speech and Image Processing, Chapman-Hall, New York pp.
126–142 (1993)

318. Peskin, C.S.: Mathematical aspects of heart physiology. Courant Institute of Mathematical
Sciences, New York University New York (1975)

319. Pflugfelder, R., Bischof, H.: People Tracking across Two Distant Self-calibrated Cameras.
In: Proceedings of International Conference on Advanced Video and Signal-based Surveil-
lance. IEEE Computer Society Press (2006)

320. Pflugfelder, R., Bischof, H.: Tracking across Non-overlapping Views Via Geometry. In:
Proceedings of the International Conference on Pattern Recognition (2008)

321. Phelps, S., McBurney, P., Parsons, S.: Evolutionary mechanism design: A review. Au-
tonomous Agents and Multi-Agent Systems 21(2), 237–264 (2010)

322. Piciarelli, C., Esterle, L., Khan, A., Rinner, B., Foresti, G.: Dynamic Reconfiguration in
Camera Networks: a short survey. IEEE Transactions on Circuits and Systems for Video
Technology PP(99), 1–13 (2015). DOI 10.1109/TCSVT.2015.2426575. (early access)

323. Pilato, C., Loiacono, D., Tumeo, A., Ferrandi, F., Lanzi, P.L., Sciuto, D.: Speeding-up expen-
sive evaluations in highlevel synthesis using solution modeling and fitness inheritance. In:
Y. Tenne, C.K. Goh (eds.) Computational Intelligence in Expensive Optimization Problems,
vol. 2, pp. 701–723. Springer (2010)

324. Polikar, R.: Ensemble based systems in decision making. IEEE Circuits and Systems Maga-
zine 6(3), 21–45 (2006)

325. Polikar, R., Udpa, L., Udpa, S., Honavar, V.: Learn++: An incremental learning algorithm
for supervised neural networks. IEEE Transactions on Systems, Man, and Cybernetics, Part
C: Applications and Reviews 31(4), 497–508 (2001)

326. Puckette, M.: Pure Data (PD) (software). URL http://puredata.info. (Accessed March 8,
2016)
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