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NorEval: Native Benchmarking for Norwegian LLMs

ACL Findings

2025.findings-acl.181

GitHub

github.com/ltgoslo/noreval
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Benchmarking in NLP

What is a benchmark?

• A collection of datasets, performance metrics, and an aggregation procedure

• Gamified with leaderboards, where LLMs are ranked against one another

Rank Name Score Task1 (Acc.) Task2 (F1) Task3 (F1)

1 ModelA 0.95 0.98 0.92 0.96

2 Human 0.94 0.98 0.93 0.91

3 ModelB 0.90 0.95 0.95 0.80

A toy leaderboard for illustration purposes.
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Towards Better Benchmarking of LLMs for Norwegian

NorEval

• The largest benchmark for Bokmål and Nynorsk comprising 24 human-created

datasets integrated into LM Evaluation Harness

• Developed from Mímir, a project on evaluating the impact of copyrighted material

on pretraining Norwegian LLMs (NB, UiO, & NTNU)

Prompt collection & Human baselines

• 100+ prompts for robust multi-prompt evaluation

• Human baselines on QA and Norwegian language knowledge tasks
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Design

Overview of NorEval. EN=English; BM=Norwegian Bokmål; NN=Norwegian Nynorsk.
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Dataset Examples

Instruction following

• Instruction: Skriv dette som et eventyr!

• Context: Opplysningstiden var en samfunnskritisk åndsretning i Europa på 1700-tallet (fra 1688 til 1789)

som uttrykte en tro på alle menneskers evner og fremmet renessansens humanistiske idealer…

• Human response: Det var en gang i Europa for mange hundre år siden et kongerike med all makt…

Norwegian-specific & world knowledge

• Question: “Æ træng læsta: Læsta er kjekt å ha. I alle fall sånn innimellom. Men hva

er det for noe?”

• Option A: “Venner”

• Option B: “Lesestoff”

• Option C: “Ro”

• Option D: “Ullsokker”
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Benchmarking LLMs: In-context Learning

• Main idea

• Do not update the LLM weights

• Show k examples in the input

• k-shot evaluation regimes with k ∈ {0, 1, 16}
• Probability estimation: The LLM scores each

answer option conditioned on the prompt

• Generation: The LLM generates a response

conditioned on the prompt

tekst: God betjening
sentiment: positiv

tekst: Vi ble ikke imponert over lydstyrken.
sentiment: negativ

tekst: Og han gjør det enormt godt.
sentiment: _______

språkmodell

positiv

38



Benchmarking LLMs: Key Results

In this talk

• Overall results

• Effect of instruction-tuning

More in our paper

• Agreement on LLM rankings

• Analysis of the LLMs’ outputs

• LLMs vs. Human Baselines

• Comparison of BM vs. NN

• LLM-as-a-judge
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Benchmarking LLMs: Key Results

The LLMs perform well on

sentiment analysis and MT

tasks, but struggle with:
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Benchmarking LLMs: Key Results

The LLMs perform well on

sentiment analysis and MT

tasks, but struggle with:

• Norwegian language

knowledge

• commonsense reason-

ing

• truthfulness

• instruction following
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Benchmarking LLMs: Key Results

Instruction-tuning has

both positive and negative

effects

The most notable improve-

ments are on:

• multiple-choice QA &

• sequence-to-sequence

generation tasks
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Benchmarking LLMs: Key Results

Instruction-tuning has

both positive and negative

effects

Decreased performance

on Norwegian language

knowledge and MT tasks

due to:

• Language switching

• Misinterpretation of

instructions

• Generation issues
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Benchmarking LLMs: Open Challenges

Language Generation Evaluation

• Performance metrics:

• Do not capture the diversity of possible

outputs

• Can poorly correlate with humans w.r.t.

criteria

• Human-based evaluation:

• Super resource-consuming

• May not be reproducible

• LLM-based evaluation:

• Suffers from biases

• Lack of strong judge LLMs for non-English

languages
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Benchmarking LLMs: Open Challenges

Data contamination

• Evaluation data appears in:

• Pretraining data

• Post-training data

• Potential solutions:

• Responsible data curation

• Responsible development

• Responsible evaluation
Contaminated data in ChatGPT. LM Contamination Index.
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Benchmarking LLMs: Open Challenges

Benchmark creation

• Evaluation data is generated:

• What do we want to evalu-

ate?

• Questionable data quality

• Language, culture, and society

values reflection

• Potential solutions:

• Thorough human curation of

synthetic data

• Automatic data quality crite-

ria & filtering An example from MMLU and its translation by ChatGPT.
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